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Constructing mobility maps requires thousands of physics-based simulations, ™ ‘ﬁéﬁ}” :
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each of which can take weeks using high-performance computing?. h AP e TR

 Trained machine learning (ML) classifiers can quickly generate mobility maps?.

e According to PAC learning theory, data that can be separated by a classifier is
expected to require up to O(1/¢) randomly selected points? (simulations) to
train the classifier with error less than .

Objective

e Develop a sampling technique that will train ML classifiers
using far fewer simulations.

Approach

Active Learning Paradigm for Terramechanics
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Future Work
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* Increase the size of the feature space to include more variables
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