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Link Correlated Military Data for Better Decision Support

Xin Jin, Xiaoman Wang, Jinjin Yan, Weitai Liang

(Science and Technology on Information System Engineering Laboratory,
Nanjing Research Institute of Electronics Engineering,
Nanjing 210007, China)

Abstract:

Near all military decisions need data-support. For nowadays warfare’'s complexity and vast use of
sensors, decision data are usualy of great amount, while what commanders require are usualy just a
small subset covering his interest. Sometimes it is distractive and time-consuming to lookup such a
subset, because it contains data in different domains, under different topics, from different sources. In
problem domain, theses data are correlated, while machine can not understand it and does not support
correlation-based data lookup. In this paper, applying Linked Data technique, correlations among
decision data are described in machine-understandable and process-effective way, and visualized on
user interface as navigation links that can guide people to find related data. Methods are proposed on
link-construction and data-lookup. It is proved through experiments that correlation-based data lookup
method is a good complement to traditional tree-based one, which brings decision data support with
higher problem relativity, user thinking aigning ability, and operation efficiency.

1 Introduction

Nowadays military decision has significant differences with past experiences. In the old ways,
commanders must place themselves in the battle fields, judge situation by their own observation, and
make decision upon their own knowledge. In modern ways, most commanders just sit in the
commander’s room, judge situation by collected sensor data, and make decision upon various kinds of
knowledge data. With the prosperity of sensor technology, the ability of collecting data has improved
greatly compared with the past. Currently, near all Command and Control system requires data as
input, while in the future, sensors may substitute human eyes and ears, and data may probably become
the main input of human brain systems while decision making.

Therefore, qualities of data - such as accuracy, relativity, redundancy, real-time performance, and
S0 on, are quite important to a decision maker. Quality of data is decided by the performance of data
support. From user view point, performance of data support may be roughly divided into two
categories. good and bad. The bad data support is usually careless of users who need the data, careless
of the problem which the data should be about, and simply provide al data available, probably
organize them by categories, arrange them in “trees’ to enable data browse, as shown in Fig. 1. By this
support, user has to unfold the tree branch by branch till he finds the required data. He may be
unfamiliar with the tree's architecture, and has to unfold every branch to learn about it firstly. So much
effort may be wasted on data lookup, that when all required data are found, he may even forget what
problem he was dealing with.

On the other side, good data support should be able to:

1) Focus on user concerned problem, and provide only data closely related with it;



2) Align with user’s thinking process, learn his thinking habit, anticipate his requirement, and
aways provide useful data;

3) Provide data at near-zero delay, enabled by the availability of near-infinite processing and storage
capacity at near-zero unit cost.
By this support, user can focus on problem solving with little concern distracted on data lookup.
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Fig. 1 Tree-based data browse pattern

In simple decision making cases, where the data amount is relatively small, bad decision support
may be enough, because the effort paid on data lookup is relatively small, not quite noticeable by
trained decision makers. However, when the complexity increases, it no longer fits:

1) Data amount increase: With cost brought down, sensors are vastly used, creating enormous data
every day, costing more time on data analysis than in the past;

2) Datadiversity increase: When dealing with a complex decision problem, required data may cover
many areas, such as military, humanity, society, law, biology, physics, cyber space and so on.

As a result, sensor collected data have to be classified into more categories and subcategories,
making the data “tree” wider and deeper. Consequently, time cost on data lookup within the tree
increases. Comparatively, however, user required data does not increase obviously. They only care
about those data that could help them to make right decision. Therefore, it becomes harder and harder
to lookup required data from such an increasingly huge “tree”.

Our method is by utilizing data correlations. Everyone knows that data are correlated with each
other, especialy within a problem domain. The correlations act as a kind of clew that may lead
commanders to right decisions. If machine understands data correlations, it may act as a guider rather
than simply a data provider. For instance, when user finds a data “Organization A", he may
immediately think about another one “Company B”, because B provides weapons to A. At the same
time, machine will list all data related with “Organization A” that can help people get al information
about such organization, for example, who's the leader of the organization, how many members does it
have, which places are they recently active in, which targets did they strike in recent activities, as well



as from which companies their weapons are provided, as shown in Fig. 2. Then he may choose one of
the companies, for example “Company B”, and the machine will list all data related with “Company
B”, like its addresses, telephone numbers, and so on. In this way, machine can align with user’s
thinking process, and provide data that may be helpful before he think about. No matter how much
data have been collected by sensors, machine can aways filter out most of them, left only those data
closely related with the user currently focused one. This is a small but useful subset, which can help
the user to think further.
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Fig. 2 Data correlations

Linked data [1] is a set of best practices for publishing and deploying instance and class data
using the RDF data model, naming the data objects using uniform resource identifiers (URIs), thereby
exposing the data for access via the HTTP protocol, while emphasizing data interconnections,
interrelationships and context useful to both humans and machine agents. These best practices have
been adopted by an increasing number of data providers over the last three years, leading to the
creation of a global data space containing billions of assertions - the Web of Data. In our opinion,
Linked Data technique may be applied to present data correlations into formal links, which is machine
-understandable and process-effective, and may lead to realization of correlation-based data browse.

The remainder of this paper is structured as follows. In Section 2 we provide an overview of the
related works. Linked Data technique is introduced in brief in Section 3. Section 4 describes our
methods on link construction and data lookup. They are implemented and tested in Section 5, with
performance analyzed in section 6. Section 7 makes conclusions.

2 Related Works

The most visible example of adoption and application of the Linked Data principles has been the
Linking Open Data project [2], a grassroots community effort founded in January 2007 and supported
by the W3C Semantic Web Education and Outreach Group [3]. The original and ongoing aim of the
project is to bootstrap the Web of Data by identifying existing data sets that are available under open



licenses, converting these to RDF according to the Linked Data principles, and publishing them on the
Web.

Participants in the early stages of the project were primarily researchers and developers in
university research labs and small companies. Since that time the project has grown considerably, to
include significant involvement from large organizations such as the BBC, Thomson Reuters and the
Library of Congress. This growth is enabled by the open nature of the project, where anyone can
participate simply by publishing a data set according to the Linked Data principles and interlinking it
with existing data sets.

An indication of the range and scale of the Web of Data originating from the Linking Open Data
project is provided in Fig. 3. Each node in this cloud diagram represents a distinct data set published as
Linked Data, while each arc indicate that links exist between items in the two connected data sets. The
content of the cloud is diverse in nature, comprising data about geographic locations, people,
companies, books, scientific publications, films, music, television and radio programs, genes, proteins,
drugs and clinical trials, online communities, statistical data, census results, and reviews. According to
statistics in May 2009, the Web of Data consists of 4.7 billion RDF triples, which are interlinked by
around 142 million RDF links [4].
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Fig. 3 Linked Open Data

Linked Datais a new technique, and little researches has been found till now on its application in
military decision support domain. On the other hand, Semantic Web [5], proposed in 1999, long before
Linked Data - while Linked Data is usually considered as part of Semantic Web, or “the Semantic Web
done right” as described by Tim himself - has been applied into military domains such as Cooperative



Command and Control [6, 7], Situation Awareness Enhancement [8, 9], and Military Knowledge Base
[10, 11].

Fig. 4 AKTiveSA's user interface
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Fig. 5 AKTiveSA'slinked data

Among them, AKTiveSA [12] is a successful attempt on situation awareness enhancement in
military operational contexts other than war (MOOTW), specifically humanitarian assistance and
disaster relief. Its principle is quite similar with Linked Data. On its user interface, as shown in Fig. 4,
situation is shown as various elements distributed on a world map. On selection of one element, it can



list all its attributes, while on selection of one attribute, it can list all its values or object elements.
Some of its linked data are shown in Fig. 5. One of its deficiency liesin that all the attributes and links
are designed and coded manually. No automatic mechanism on link construction was proposed. In our
approach, some of the data correlations - especially those defined in relational databases - can be
automatically trandated into URI based links, thus can greatly reduce man power cost on software
development.

3 Linked Data Technique

Tim Berners-Lee (2006) outlined a set of 'rules' for publishing data on the Web in a way that all
published data becomes part of a single global data space [13]:

1) UseURIsasnamesfor things,

2) UseHTTPURIsso that people can look up those names;

3) When someone looks up a URI, provide useful information, using the standards (RDF,

SPARQL);

4) Include links to other URISs, so that they can discover more things.

These have become known as the “Linked Data principles’, and provide a basic recipe for
publishing and connecting data using the infrastructure of the Web while adhering to its architecture
and standards.

Linked Data relies on two technologies that are fundamental to the Web — URIs (Uniform
Resource Identifiers) and HTTP (Hypertext Transfer Protocol). URIs provide a generic means to
identify any entity that exists in the world. These entities can be looked up simply by dereferencing the
URI over the HTTP protocol.

URIs and HTTP are supplemented by a technology that is critical to the Web of Data — RDF
(Resource Description Framework). RDF provides a generic, graph-based data model with which to
structure and link data that describes things in the world. The RDF model encodes data in the form of
subject, predicate, object triples. The subject and object of atriple are both URIs that each identify a
resource, or a URI and a string literal respectively. The predicate specifies how the subject and object
arerelated, and is also represented by a URI.

http://www.people.org/#Smith

RDF triple: http://www.military.org/#hasWeapon
<http://www.people.org/#Smith,

http://mww.military.org/#hasWeapon, -
http://www.weapon.org/#missile001> http://www.weapon.org/#missile001

Fig. 6 Example RDF description

For example as shown in Fig. 6, an RDF triple can state that a people named “Smith”, and a
weapon named “missile001”, each identified by a URI (with namespace added as a prefix such as
“http://www.people.org”), are related by “hasWeapon”, means that Smith has a weapon called



“missile001”. Similarly, an RDF triple may relate a weapon “missile 001" to a weapon producer “Irag”
by “hasProducer”, means that missile001 is produced in Irag. Two resources linked in this fashion can
be drawn from different data sets on the Web, allowing data in one data source to be linked to that in
another, thereby creating a Web of Data.

Consequently it is possible to think of RDF triples that link items in different data sets as
analogous to the hypertext links that tie together the Web of documents. RDF links take the form of
RDF triples, where the subject of the triple is a URI reference in the namespace of one data set, while
the object of thetripleisa URI reference in the other.

4 M ethods

In this section, we will introduce methods on automatic link construction based on relational
database and how to look up datain the data net constructed by such links.

@) Link Construction

There is no standardized form for data correlations. In general, correlation between a couple of
Data can be described as “Datal, Relationl, Data2”, means “Datal” is related to “Data2”
through "Relationl”. If there is “Data2, Relation2, Datal”, then “Relation]l” and “Relation2” are a
couple of bidirectional correlation. Not all data have bidirectional correlation, such as “Data3,
hasValue, 123.45", etc. Correlations may have meaning - human defined semantics, so that data can be
connected at conceptual level.

Within various kinds of correlations, relational database is a typical one. In a database, different
tables are correlated by primary & foreign keys. Within a table, objects and values are correlated by
attribute fields, as shown in Fig. 7. There are still more kinds of correlations hidden under data’s lateral
expression. For example, “010101 F14" can be related to “0101 Battleplane” through “ SubClassOf”,
as deduced from human expression habits. However, this is far more complex than the former two
kinds defined purely by database structure, thus is not considered in this paper.

Tables Data net Weapon0101

Name Code

0101 Battleplane

010101 F14

Database 010102 F18

@_ Primary Key£ SameClase

F14 s=—————= F18
SameClase

Code Code

Weapon010101 Weapon010102

Fig. 7 Correlations in database



D2R Server [14] isatool for publishing the content of relational databases on the Semantic Web,
a global information space consisting of linked data. Data on the Semantic Web is modeled and
represented in RDF. As shown in Fig. 8, D2R Server uses a customizable D2RQ mapping to map
database content into this format, and allows the RDF data to be browsed and searched — the two main
access paradigms to the Semantic Web. D2R Server's Linked Data interface makes RDF descriptions
of individual resources available over the HTTP protocol. An RDF description can be retrieved simply
by accessing the resource's URI over the Web. Using a Semantic Web browser like Tabulator (slides)
or Disco, you can follow links from one resource to the next, surfing the Web of Data. The SPARQL
interface enables applications to search and query the database using the SPARQL query language
over the SPARQL protocol. A traditional HTML interface offers access to the familiar Web browsers.
Requests from the Web are rewritten into SQL queries via the mapping. This on-the-fly trandlation
allows publishing of RDF from large live databases and eliminates the need for replicating the data
into a dedicated RDF triple store.
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Fig. 8 D2R Server

Note that D2R method does not change the data storage pattern - non-RDF database - means that
it does not save data correlations statically in RDF format to construct an RDF database, because N
data may has as many as N! correlations, which need much more storage to save than data themselves.
On aquery, D2R trandate it into SQL language according to correlations defined by database structure.
On response from database, D2R generates links among returned data according to their correlations.
In this way, related data can be extracted and organized to form a virtua data net. Such data net can
only be generated dynamically on queries.

Finally, through a data browser that can read the RDF files, and represent the data and their links
as objects and arcs, a visualized data net can be shown on user interfaces.

b) DatalLookup

By above method, correlated data can be extracted from database, and visualized as a virtual data
net to users. But it needs a query as activation, which is just like picking one node from the data net as
a start point. Selection of start point is totally up to users, for examples, from a search result, a leaf
node of the datatree, dynamically received intelligence, or else.



On selection of the start point, an RDF-based query is sent to D2R Server, which is then
translated into SQL language to interact with database to get result data. From the net view, by this
query, al nodes connected with the start node are picked out, with semantics shown on each
connection. Under their guidance, user can then pick one connection, and al its connected nodes will
be shown. By repeating this, user can finaly find the exact data he required, and by the way, some
related data that may be useful.

The operation of picking one nodes and the next under guidance from correlation semantics, is
quite similar with web page navigation. A correlation is just like a Hypertext Link, and navigation in
data nets is as simple as surfing on Internet. User can follow such navigation to the required data —
called forward navigation, or follow his footprints back to the start point — called backward navigation.
User can be navigated to any direction, but always under hisintend, heading his wondered destination.

5 Implementation

To implement and verify the methods proposed in above, a scenario of anti-terrorism operation
decision support has been designed. When analyzing a bank robbery event, for example, from the
already arrested criminals from one organization, one may think about some other organizations that
consume weapons from a same company, and wonder whether they are also suspects. To support this
decision, data are required about people, weapons and weapon producers.

Main data table structures, with core data elements and their correlations are shown in Fig. 9. As
one can see, each core class — such as People, Identity, Weapon, Type, and Producer — are correlated
through bidirectional relations. These elements are extracted and extend from table attribute names,
and are core elements that construct the data correlation ontology.

People

hasWeapon
John citizen -
Smith t ist issil
i errori missile identityOf
Tom police gun weaponOf
Identity Weapon
hasType
— typeOf
missile heavyWeapon Irag
- producerOf
gun lightWeapon USA Type Producer

Fig. 9 Scenario data structure and core correlations

Table values are subclasses of these core elements, and have the same correlation types as defined
by the super classes. So the correlations among table values are generated automatically by cloning
those of their super classes. For example, core element “People” is related to “Weapon” by
“hasWeapon”, while table values “Smith” and “missile” are subclasses of “People” and “Weapon”
respectively. So “Smith” is related to “missile” through *hasWeapon”. These generated correlations



can aso be saved in coded format — RDF format. A piece of such code is shown in Fig. 10.

<rdf:RDF

xmins:dc="http://dc.org/#"

xmins:rdf="http://www.w3.0rg/1999/02/22-rdf-syntax-ns#"

xmins:military="http://military.org/#" >

<rdf:Description rdf:about="http://dc.org/#tom">

<dc:hasWeapon rdf:resource="http://military.org/#gun"/>

<dc:hasldentity rdf:resource="http://dc.org/#police"/>

<dc:is rdf:resource="http://dc.org/#people"/>

</rdf:Description>

<rdf:Description rdf:about="http://dc.org/#terrorist">

<dc:identityOf rdf:resource="http://dc.org/#smith"/>

</rdf:Description>

<rdf:Description rdf:about="http://dc.org/#USA">

<dc:producerOf rdf:resource="http://military.org/#gun"/>

</rdf:Description>

<rdf:Description rdf:about="http://military.org/#missile">

<dc:hasproducer rdf:resource="http://dc.org/#iraq"/>

<dc:weaponOf rdf:resource="http://dc.org/#smith"/>

Fig. 10 RDF description of linked data

To visualize data correlations, a user interface has been developed, as shown in Fig. 11. On the
user interface, a data is represented in a rectangular, while a correlation is represented in an ellipse.
Red number on the right above of data or correlation means how many correlations the data has or
how many data objects the correlation is related to.
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ERDF Linked Data Brower
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Fig. 11 Visualized data net

In this scenario, for example, the user has selected “smith” as a start point. 3 relations are shown
as “hasldentity” and “hasWeapon” and “is’. On selection of “hasWeapon”, 1 object data is shown as
“missile”. On selection of “missile”, 4 relations are shown as “hasType”, “hasProducer”, “weaponOf”
and “is’. On selection of “hasProducer”, 1 object data is shown as “Iraq”. On selection of “Irag”, 1
relation is shown as “ producerOf”. On selection of it, 1 object data is shown as “musket”. On selection
of “musket”, 4 relations are shown as “hasProducer”, “hasType”, “weaponOf” and “is’. On selection
of “weaponOf”, 1 object data is shown as “stephon”.

Thus, under the guidance from data correlation semantics, the user successfully found another
suspect “stephon” who consumes weapons from the same company as “ smith”.

6 Comparison

From the experiment results, data lookup performance of the tree-based and correlation-based
methods are analyzed and compared on navigation mode, problem relativity, thinking alignment,
operation efficiency, and navigation convergence.

a) Navigation Mode

From user viewpoint, navigation modes in the two methods are quite different. As shown in Fig.
12(a), in tree-based method, user operations are like “unfold -> select -> unfold -> select -> ... ->
return to root -> unfold -> ...”. Decision required data are often in different categories, usually
distributed in different branches, and user needs to return to the root node frequently. However, in Fig.
12(b), in correlation-based method, user operations are like “pick -> select -> pick -> select -> ...".



There is no unigque root. Because decision required data are always correlated, there are links between
each other, and the required data will be distributed not far away from the user tripped path.

e o
o\ Lo/ o
o | o |
o | ro |reof

_.
@ @

2
(a) Tree-based

NZN
N

(b) Correlation-based

Fig. 12 Navigation mode comparison

b) Problem relativity

As shown in Fig. 12(a), along the trip (in red line), before reaching the required data nodes, there
are many branch nodes that has nothing related with the problem. However, in Fig. 12(b), most data
nodes picked out are correlated with required data nodes, and thus closely related with the problem.

¢) Thinking Alignment

As shown in Fig. 12(a), branch nodes along the trip are not cared by the user, and they are useful
only because it can lead the user to the required leaf nodes. However, in Fig. 12(b), most data nodes
picked out are correlated with required data, and can guide the user to any direction heisinterested in.

d) Operation Efficiency

According to our statistics, in our experiments, in most cases, to find same number of required



data, operations needed for tree-based method are relatively more than that for correlation-based one.
By analysis, by tree-based method, this depends on the tree’s depth and the user’s familiarity with the
tree’s architecture; while by correlation-based method, this depends on richness and redundancy of
defined data correlations.

€) Navigation Convergence

In correlation-base method, as user can choose the next data to pick out optionally, he may choose
the right direction, or the wrong, as shown in Fig. 13. He may get to the required data quickly
following the red line, or take along trip following the blue line, or even get lost following the green
line. This depends on the similarity between correlation semantics. However, in tree-based method, if
only all data are categorized correctly, users will finally get to his required data.

Endlesstrip

Long trip

Start data

Required data

Fig. 13 Navigation convergence problem in correlation-based method

Data lookup performance comparison of the two methodsis summarized in Tab. 1. Fromit, we get
a conclusion that correlation-based method is a good complement to tree-based one, but not the
substitute. Correlation-based method has higher problem relativity, thinking alignment ability, and
operation efficiency, while tree-based method has higher navigation convergence. If the two methods
can be combined together efficiently, the data support quality will be improved a lot than using either
of them.

Tab. 1 Performance comparison of tree-based and correlation-based methods

Problem  Thinking Operation Navigation
Relativity ~ Alignment Efficiency Convergence
Tree-based Low Low Low (Dependent) High
Correlation-based High High High (Dependent) Low

7 Conclusion

In this paper, correlation-based decision data support method has been proposed, with methods
proposed on data link construction and data lookup, which is proved to be a good complement to
traditional tree-based one, which brings decision data support with higher problem relativity, user
thinking aligning ability, and operation efficiency. Future researches will be focused on development



of automatic link construction mechanism on more kinds of correlations.
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Problem: Locaterequired data from a“ data sea”

—— To win the information superiority
e |

e What adecider requires.
— Datadirectly useful to solve decision problem
— Dataof interest or highly related to decision problem

 What adecider usually gets:

— Huge amount of datawhile few have relevancy

e S0 the decider needsto:
— Check each data’ srelevancy till required data are found

— Guessthe location of required data by experience

Better solution?

S& T Information System EngineeringLab. ¢ Nanjing Res. Ins. Electronics Engineering 2



One answer: Data navigation

e 4
« Datanavigation:

— Meaning: Lead the path to the required data step by step,
based on some kind of guidance

e Three basic kinds of guidance:
— Classification: guide through data taxonomy
— Keyword: guide through keyword-based search results

— Correlation: guide through correl ations among data

Any difference?

S& T Information System EngineeringLab. ¢ Nanjing Res. Ins. Electronics Engineering 3



Example decision problem —\Who arerobbers?

 “A bank was robbed last night. A man named Tom
was arrested inside the bank, with a QSZ292 5.8mm
gun found in his hand, made in company KGE. He
refused to provide other robbers’ names.”

 Tofind other robbers, apossible way:
1. Investigate company KGE, list its customers

2. Gather intelligence, analyze each customer’ srecent activities

3. Check features of each activity (time, place, weapons, &tc.),
compare with the bank robbery event, so as to find suspects

How to support this decision
through data navigation?

S& T Information System EngineeringLab. ¢ Nanjing Res. Ins. Electronics Engineering 4



Data navigation method - Classification-based

Users need to
know exactly
under which

branch of the
tree he can or
may find the

required data

Customers of company KGE

=1 12 Customer Name Address Tel ephone Ema’
= [ Constant customer ohn 2% Lonf Street BE4E05  Johniyzhoo.
I Africa Smith 145% Febbol Street 264884  Smith@vrahoo
= ) america Tom G# Funk Street BE4AET Tomi@yrahoo. ¢
hﬁ Canada Fobinzon (T49% Secool Stree 218544 Robinzon@nra
@ LSa Franklin 53# Lanchelof 5tr JR48E Franklin@na
Iﬁ f Eobbert O51# Fleek Street ZE48TE Fobbertiinrah
=a Foggzer Jd# Destconf Stre BOR123 Roggerirraho
=l 2 Eurape David EO# Westtown Stre 548895  Dawid@yzhoo
2 France Jackszon 93% Underwood Str BE4RTT Jackzonisrah
| German
[ Italy
= 127 Temp cuskomer
I Africa
I America
I Asia
) Europe
4 | sl I
Human activities = .. s T hmhe™ e me
+ l45# Rebbol Street 264884 Smith@yah
= 53y america Tom A% Funk Street BE468T T m@ya}m;;v
@C . Robinson T49%# Secool Stree 216544 R b].ns?n a
& Frence Tackeon |038 Unsorwood Ste| 504577 |Taohsondan E N
L3 German
|5 Tralky
= (£33 Temp customer
) AFrica
I3 America
=) Asi
() Europs
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Data navigation method - Keywor d-based

ﬁi % % TI=({semantic* OR ontolog™) AND (military OR combat OR battle® OR war OR warfare OR "command and control" OR C4ISR OR

LC3I OR operation®)}
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Data navigation method - Correlation-based

Weapon Type Producer
Tom ——— Handgun0485 — QSZ92 —— > Company KGE__HasCustomer
- AasCustomét\ David
HappenTime RecentActivity Smith HasCustomer
4"May, 3:00am « Bank robbery «— ~ John
ecentActivity
HappenPlace \ WeaponEmployed _
A# west Street Jewel stealing
Dagger
I -
. Customers of company KGE
° U Sers J USt (=1 () Customer Name Address Telephone Ema’
fOl | ow ||nkS = ) Constant customer | Tabn 2# Lonf Street EE4895  Tohn@yahoo.
of interest ) Africa Smith__J45# Rebbol Street 264884  Smith@yahoo
=l L) America Tom Tttt 7 “wahoo.c
anads Eobins AJQ Bank rObberV nzonibya
- - ﬁ Canad Franll] Se el Stea| 1 1nimra
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I america
) Asia
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Merits of correation-based method

* By links, one can jump from datato data directly.
 Navigation by linksis as easy as surfing on Internet.

e Link construction is based on data correlations. Link
selection is upon user interest.

 What user may associate, thereisalink to support
him, given links rich enough.

A method suited to human
assoclation habit?
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Method: Unified correlation description

I
* RDF (Resource Description Framework)

— <Subject, Predicate, Object>

. "//I;redicate -
+ Example: Csubject >—F

o <http://company.org/KGE,

http://company.org/HasCustomer,
http://people.org/ Tom> @

.- Data

e < http://company.org/KGE,
http://company.org/HasCustomer, HasQustomer
http://people.org/John>

e < http://company.org/KGE,
http://company.org/Produce,
http://weapon.org/QSZ92>
e < http://weapon.org/QSZ92,
http://company.org/Producer,
http://company.org/KGE >
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Method: Unified correlation description
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Method: Automatic link construction

Company Info
Name VARCHAR(200) <pk>
Product VARCHAR(200) <fk>

A 4

Weapon Info

Type VARCHAR(200) <pk>
Range DOUBLE

(a) Datain relational database (b) Tablestructure
Productczf//vQSZg2 @—f -ﬁz—
K GE Produdt 500m ProductOf |KGE
ProductOf — Product | Q5505
Productv\\ — Range 300m
QSS05 Range ProductOf

(c) Correlated data networ k 300m (d) Hyperlinks on user interfaces
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Method: Automatic link construction

aa
i3
ity f s org People (Berners-Lee fcard Open ‘_’ marbles

e D2R tool D= —— Onedala . ooes

SPARQL
Clients

iy ‘\:\
™ | SPARQL

Linked Data
Clients

HTML
Browsers

e

Mapping
File

Local Java

Application (
. - | 3 o r
T Jora/Seseme,  D2RQ Mon-RDF
\ v RDF dumg Engine Database

Triple Store —

-

ey
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| mplementation

B RDF Linked Data Brower

e Correlations
generated from
rel ational
database

B RDF Linked Datn Brower

bt ffele ol

gl de. sl FhasWaagen i fewapinst

Wi fmiinary, orp e snan
etipffde ongleie

wtepi e argf @ prodiitarcd

hitgufdezral i,
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it e ord W haa Trow

Patp i ilieaty. argl #ha auy W s apon

»
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| mplementation

» Description script of data correlations

<rdf:RDF

xmins.dc="http://dc.org/#"
xmins:rdf="http://www.w3.0rg/1999/02/22-rdf-syntax-ns#"
xmins:military="http://military.org/#" >

<rdf:Description rdf:about="http://dc.org/#tom">
<dc:hasWeapon rdf:resource="http://military.org/#gun”/>
<dc:hasldentity rdf:resource="http://dc.org/#police"/>
<dc:is rdf:resource="http://dc.org/#people"/>

</rdf:Description>

<rdf:Description rdf:about="http://dc.org/#terrorist">
<dc:identityOf rdf:resource="http://dc.org/#smith"/>

</rdf:Description>

<rdf:Description rdf:about="http://dc.org/#USA" >
<dc:producerOf rdf:resource="http://military.org/#gun"/>

</rdf:Description>

<rdf:Description rdf:about="http://military.org/#missile">
<dc:hasproducer rdf:resource="http://dc.org/#iraq"/>
<dc:weaponOf rdf:resource="http://dc.org/#smith"/>

<dc:hasType rdf:resource="http://militaty.org/#heavyWeapon"/>
<dc:is rdf:resource="http://military.org/#weapon"/>
</rdf:Description>
<rdf:Description rdf:about="http://dc.org/#police">
<dc:identityOf rdf:resource="http://dc.org/#tom"/>
</rdf:Description>
<rdf:Description rdf:about="http://military.org/#musket">
<dc:hasproducer rdf:resource="http://dc.org/#iraq"/>
<dc:weaponOf rdf:resource="http://dc.org/#stephon"/>
<dc:hasType df:resource="http://military.org/#lightWeapon"/>
<dc:is rdf:resource="http://military.org/#weapon"/>
</rdf:Description>
<rdf:Description rdf:about="http://dc.org/#iraq">
<dc:producerOf rdf:resource="http://military.org/#musket"/>
<dc:producerOf rdf:resource="http://military.org/#missile"/>
</rdf:Description>

</rdf:RDF>

S& T Information System EngineeringLab.
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M ethods comparison

O eee—————
o Usear’'sview on operation mode
(a) Classification-based (b) Keyword-based (c) Correlation-based
[ [
® ® o
® [ J o O
g [ PY
_.
o o ®
_.
: ‘o
? .
e Method performance
Endlesstrip
Problem | Operation Navigation User Skill
Relativity | Efficiency ||Convergence| Requirement Long trip
Classification-based Low Dependent Assured High
K eyword-based Medium /Dependent Not assured High
Correlation-based High / Depenﬁ@t\ Not assured Low Start data Requir data
S;&é Tlnformat%\system EngineeringLab. ¢ Nanjing Res. Ins. ElectronicsEngineering 15
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Navigation within correlated data networ k
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Summary

» Correlation-based method is a good complement to
traditional methods, not a substitute.

A method is suited to human association habit.

« With more data networked through correlations,
and statistical-analytic tools to support network
mining, existing datawill be more interesting.
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Discussion

™ 1y
o |sit possibleto link all military data by correlations?
 How tolink datain different formats, text, media...?

e How to make better use of data correlations?
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